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(Thompson & Bolen) :NLP (Natural language processing) :{a.bell &)l id-ee 4/1/2
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dslaw¥) UL iab Jl olbells (FRAD 2007 LstzwY! <ULl Lab )l olladly FRBR 1998 il o sLJI
FRSAD 2010
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<author> | | | <author><persName> e 100
<author><orgName>
® 110
e 11
e 700
e 710
CEVAR
<editor> |- | | <persName> ° 700
<orgName>
e 710
LA R
<respStmt> | | | | <persName> e 700
<orgName>
e 710
<editionStmt> <p> |_ | 250
<publicationStmt> } | n/a
<publisher> } | | 264_13$b
<distributor> | | | 264_2$b
<idno> | | |
0285_
<availability> | | | | <license> 540
<datewhen="__"/> L | | 264_18cC
<seriesStmt> | | n/a
<titlelevel="s"type="__"> L | | * main ® 490
e sub
®  38XX
e alt
e short (optional)
e desc
e translated
e filing
<notesStmt> <note> L | 5XX
<sourceDesc> L | n/a
<biblStruct> | | n/a
<analytic> || n/a
<author> || | n/a
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<title level="a" type="__"> |_ | | ® main n/a
e sub
e alt
e short
e desc
e translated
e filing
<ptrtarget="__"> L | | n/a
<monogr> |- | n/a
<author> | | | | <persName> 534 $a = 1stauthor
<orgName>
<titlelevel="__"type="_"> | | | 534§t
<respStmt> | | | 500
<edition> | | | 534 $b
<imprint> | | | n/a
<pubPlace> | | | | 534 $C
<publisher> } | | | 534 $C
<date when="__"> 534 $C
or
<date notBefore="__ " notAfter="__">
or
<date from="__"> L | | |
or
<dateto="__">
or
<date from="__"to="__">
<extent> | | | 534 5
<note> | | | 534 $n
<idno> | | | 534 $zfor ISBN
<ptrtarget="__ "> L | | 856 $uwhen 2nd
indicator = 2 and
$3="*“Source”
<series> | | 534 $f
<title level="s"> |_ | | 534 $f
<biblScope unit="volume"> |. | | 534 $f
<idno type="ISSN"> | | | 534 $F
534 $f

<ptrtarget="__ "> L |
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<relatedItem> <biblStruct> L e 7oo$t
e 7108t
e 7118t
e 730
e 740
<listRelation> L | n/a
<encodingDesc> | n/a
<projectDesc> <p> |_ |
<schemaRefurl="__"> | | 856 $Zwhich
should include
boilerplate text
describing how
the TEI document
is presented to the
user (as page
images/textor
both)
<editorialDecl> | | n/a
<correction status="__" method="__"> |_ | | n/a
<hyphenationeol="__"> | | | n/a
<normalization method="__"> |_ | | n/a
<punctuation marks="__" placement="__"> |_ | | n/a
<quotation> | | | n/a
<p> || | e 008/18
e 040S%e
e 500
<tagsDecl } | n/a
<rendition selector="__" scheme="css"> |_ | | n/a
<namespace name="http: / /www.tei- n/a
L
c.org/ns/1.0"><tagUsage> |
<classDecl> <taxonomy xml:id="__"> <bibl> L | 500
<samplingDecl> <p> |_ |
<applnfo> <app> |_ | 500
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<listPrefixDef> <prefixDefident="bptl"

matchPattern="L([1-5])-
v(\d+\.\d+\.\d+[aafbI"" |— |

replacementPattern="http: / /www.tei-

c.org/SIG /Libraries /teiinlibraries /$2 /">

<profileDesc> }

n/a

<langUsage> | |

n/a

<language ident="__ "> L | | ®  008/35-37
® 041
e 546
<textClass> L | n/a
<classCode scheme="__"> |_ | 050-099
<keywords scheme="__"> L | 6xx 2nd indicator
or 6xx $2 when 2nd
L indicator =7
<term> |
<xenoData> | n/a
n/a

<revisionDesc> <change when="YYYY-MM-DD"
L
who="[URI]">
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<title> Ol gl
<title type=""main"">
<title type="sub"> O gl AT
<author> (Sl ¢, ‘\.....AH ) gl
<persName> & gsdl ol
<forename>
<surname>
<roleName>
<affiliation>
<orgName
<publicationStmt> Aol
<publisher> AU
<pubPlace> A
<date> A = 6
<availability> PG s
<licencece>
<editionStmt> dndall 5Ly
<edition> il
<date> 7ol
<biblScope unit="issue'> Aol adadl gls

<biblScope unit="volume'>

<idno type="ISBN">
<idno type="ISSN'">
<idno type="DOI">
<idno type="URI">

Js gyl / ol
a3 M1 SULS G 52D OI
43 015,11 3 0 542 URL
Sl 3 Lol gl o3 MISSN

<measure unit=""pages" quantity="">
<dimensions unit=""">

é:lll o gl
Sleinall sus
(2l 3 J shalf) sl

<height> RYCOR P T RPN gl A s e Sl s ey (ol o Ml
<width> e e Sy el et 3 S
(3) iy Galall
73 90l Sl e
Segmentation *.training.segmentation.tei.xml
Header *.training.header.tei.xml

affiliation-address

*.training.header.affiliation.tei.xml

header *.training.header.authors.tei.xml
Date *.training.header.date.xml

Header * training.header-references.xml

Fulltext * training.fulltext.tei.xml

figure, table

* training.figure.tei.xml and *.training.table.tei.xml

reference-segmenter

* training.references.referenceSegmenter.tei.xml

Fulltext

* training.references.tei.xml

citation

* training.references.authors.tei.xml
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